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Conductivity Heterogeneity Profiling Model
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Assumptions: ¢ —apkiCotCa—Cy), i=123
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Global Optimization

min__¢(x(p, t1), -, X(P, ty,)) Objective function: d(xX(p, t1), .-, X(P, ty,))
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x(p, to) = Xo(P). Generic state variable: x = (C,C,,C3,Cy)
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pH Heterogeneity Profiling Model
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Temperature Heterogeneity Profiling Model
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Optimal Control of Continuous Flow Nitrification Reactor

 Continuous flow nitrification reactor
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Modified Conductivity Model
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Kinetics and Aeration

* Nitrification Process * Oxygen balance
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Proportional-Integral Control
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Model Predictive Control
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Economic Model Predictive Control
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Economic Model Predictive Control
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Results
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Discharge & Energy
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